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$EVWUDFW &ROORFDWLRQV DUH GHILQHG DV V\QWDFWLFDOO\ OLQNHG DQG VHPDQWLFDOO\
SODXVLEOHFRPELQDWLRQVRIFRQWHQWZRUGV6LQFHFROORFDWLRQVFRQVWLWXWHDEXONRI
FRPPRQ WH[WV DQG GHSHQG RQ WKH ODQJXDJH FUHDWLRQ RI FROORFDWLRQ GDWDEDVHV
&%'V  LV LPSRUWDQW +RZHYHU PDQXDO FRPSLODWLRQ RI VXFK GDWDEDVHV LV SUR
KLELWLYHO\ H[SHQVLYH :H SUHVHQW KHXULVWLFV IRU DXWRPDWLF JHQHUDWLRQ RI QHZ
6SDQLVKFROORFDWLRQVEDVHGRQWKRVHDOUHDG\SUHVHQWLQD&%'ZLWKWKHKHOSRI
:RUG1HWOLNHWKHVDXUXV,IDZRUG$LVVHPDQWLFDOO\³VLPLODU´WRDZRUG%DQGD
FROORFDWLRQ%&LVNQRZQWKHQ$&SUHVXPDEO\LVDFROORFDWLRQRIWKHVDPH
W\SHJLYHQFHUWDLQFRQGLWLRQVDUHPHW



,QWURGXFWLRQ

8VXDOWH[WVFRQWDLQQXPHURXVZRUGFRPELQDWLRQVOLNH6SDQLVK 6S SUHVWDUDWHQFLyQ
µSD\ DWWHQWLRQ¶ SOXPD IXHQWH µIRXQWDLQSHQ¶ SURPHVD IDOVD µIDOVH SURPLVH¶ SDUWLGR
SROtWLFRµSROLWLFDOSDUW\¶HWF:HZLOOUHIHUWRVXFKV\QWDFWLFDOO\OLQNHGDQGVHPDQWL
FDOO\SODXVLEOHFRPELQDWLRQVRIFRQWHQWZRUGVDVFROORFDWLRQV:HFRQVLGHUDVFROOR
FDWLRQVWKHIROORZLQJJURXSV
Ɣ LGLRPDWLF H[SUHVVLRQV OLNH 6S PHGLDV WLQWDV µKDOIPHDVXUHV¶ OLWHUDOO\ OLW  µKDOI
LQNV¶ RUFDPSRVDQWRµJUDYH\DUG¶ OLWµVDLQWILHOG¶ 
Ɣ H[SUHVVLRQV ZLWK VWDQGDUG OH[LFDO IXQFWLRQV E\ 0HO¶þXN >  @ OLNH 6S FDIp
FDUJDGRµVWURQJFRIIHH¶ OLWµORDGHGFRIIHH¶ RUSUHVWDUDWHQFLyQµWRSD\DWWHQWLRQ¶
OLWµWROHQGDWWHQWLRQ¶ DQG
Ɣ IUHHFRPELQDWLRQVOLNH6SVHVLyQFRQWLQXDµFRQWLQXRXVVHVVLRQ¶RUYHUDOMRYHQµWR
VHHWKHODG¶WKDWQHYHUWKHOHVVMRLQWRQO\VHPDQWLFDOO\FRPELQDEOHZRUGV
+HQFHRXUWHUPFROORFDWLRQGRHVQRWFRUUHVSRQGWRDPHUHFRRFFXUUHQFHRIZRUGV
ZLWKLQ D VKRUW VSDQ RI WH[W >@ ,W LPSOLHV V\QWDFWLF GHSHQGHQFLHV EHWZHHQ WKH FRP
ELQHGFRQWHQW ZRUGVLPPHGLDWHRUWKURXJKIXQFWLRQDO ZRUGV XVXDOO\SUHSRVLWLRQV 
FRPELQHGZRUGVFRXOGEHOLQHDUO\QRQFRQWLJXRXVHYHQUHPRWHZLWKLQDVHQWHQFH,Q
WKLVVHQVHWKHQRQIRUPDOWUHDWPHQWRIFROORFDWLRQVLQ>@LVMXVWZKDWZHPHDQ
6LQFHFROORFDWLRQVXVXDOO\GHSHQGRQDJLYHQODQJXDJHDQGFRYHUDEXONRIWH[WV
WKHLUNQRZOHGJHLVLPSRUWDQWLQPDQ\DUHDVRIFRPSXWDWLRQDOOLQJXLVWLFV+HQFHFUHD
WLRQ RI FRUUHVSRQGLQJ GLFWLRQDULHV >@ DQG FROORFDWLRQ GDWDEDVHV &%'V  >@ LV TXLWH
WRSLFDO
(05DQFKKRGDQG1-0DPHGH (GV 3RU7$//1$,SS
©6SULQJHU9HUODJ%HUOLQ+HLGHOEHUJ
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By various reasons, high completeness of collocation collections (say, for the 95%
coverage of collocations in a text) seems unreachable. First of all, the efforts and the
necessary amount of statistical data for collecting word co-occurrences from a large
text corpus greatly exceed those for separate words. Indeed, the less probable a cooccurrence, the longer and more diversified corpus is needed to guarantee statistically
significant results. Hence, for compilation of a CDB of even a moderate coverage, it
is necessary to scan through (with further manual control and post-editing) a huge and
highly polythematic corpus. With such aggravations, it seems reasonable to try replenishment of existing basic CDBs not only through statistical accumulation and
selection but also through heuristic inference of new collocations based on their already available amount.
In this paper we propose a method of replenishment of already rather large collocation collections by means of heuristic generation of new collocations. As components of these new collocations, content words already registered in a CDB are taken,
and the semantic and syntactic links between them are analyzed. The general heuristic
for such kind of inference can be formulated as follows: if a word A is semantically
“similar” to a word B and a collocation B + C is already known then A + C is presumably a collocation of the same type given certain conditions are met. Some initial
ideas of such replenishment are given in [2].
Semantic similarity between words is based on the relations used in WordNet-like
databases [4, 9], specifically: synonymy, hyperonymy / hyponymy (genus—species
relations), meronymy / holonymy (part—whole relations), and one type of semantic
derivation. Additionally, one type of semantically induced morphological categories
is considered for the inference, namely, grammatical number of nouns. We also describe some counter-heuristics for filtering out wrong or dubious results of the inference.
The rules and considerations proposed below are valid for all European languages,
though we consider primarily Spanish examples since our motivation was the development of a corresponding Spanish-oriented CDB.

2

General Inference Rule

Our inference rules are similar to those of formal logic. Let a content word A have
semantic “similarity” of a class S with a word B (we denote this as A S B), and a collocational link of a specific dependency category D combine the words B and C (we
denote this as B D C). Then the hypothesis is advanced that A and C constitute a collocation of the same category D:
(A S B) & (B D C) ⇒ (A D C).
The dependency link D can be of several predetermined types and of any direction,
D
D
i.e., by B D C we mean either a syntactic dependency B →

C or B ←
C . In
both parts of the formula, the direction is assumed the same.
The term inference is used here in a rather figurative way. Namely, the results obtained with this formula are sometimes wrong, so that we have to use counterheuristics (filters) to minimize the number of errors.

+HXULVWLFV%DVHG5HSOHQLVKPHQWRI&ROORFDWLRQ'DWDEDVHV

,QSUDFWLFHLIWKHLQIHUHQFHIRUDJLYHQZRUG$JLYHVDKLJKSHUFHQWDJHRIFRUUHFW
DFNQRZOHGJHGE\DQDWLYHVSHDNHU FROORFDWLRQVZLWKYDULRXVZRUGV&WKHVHFROORFD
WLRQV PLJKW EH VWRUHG LPSOLFLWO\ DQG JHQHUDWHG DW UXQWLPH RQO\ ZKHQ WKH\ DUH UHDOO\
QHHGHG 2WKHUZLVH ZKHQ WKH QXPEHU RI FRUUHFW FROORFDWLRQV JHQHUDWHG IRU $ E\ WKH
JLYHQIRUPXODLVORZWKHIHZFRUUHFWRQHVFDQDIWHUWKHKXPDQYHULILFDWLRQEHLQFRU
SRUDWHGH[SOLFLWO\LQWRWKH&'%WKXVGLUHFWO\UHSOHQLVKLQJLW,QDQ\FDVHWKHHUURUVRI
LQIHUHQFHVDUHDJRRGWRROIRUSHUIHFWLQJWKHFRXQWHUKHXULVWLFV



6\QRQ\P\%DVHG,QIHUHQFH

6XSSRVH WKDW WKH 6S QRXQ JRUUD µFDS¶ KDV QR FROORFDWLRQV LQ D &'% KRZHYHU LW
IRUPV D SDUW RI D V\QRQ\P\ JURXS V\QVHW  ^JRUUR JRUUD FRILD FDSLOOR FDVTXHWH
WRFDGR`DQGJRUURµKDW¶LVVXSSOLHGZLWKWKHFROORFDWLRQVSRQHUVHµSXWRQ¶TXLWDUVH
µSXWRII¶OOHYDUµZHDU¶JRUUR:HFDQFRQFOXGHWKDWWKLVLQIRUPDWLRQFDQEHWUDQV
IHUUHGWRDOORWKHUPHPEHUVRIWKHV\QVHWWKDWODFNFRPSOHWHFKDUDFWHUL]DWLRQDPRQJ
WKHPWRWKHZRUGJRUUD7KXVIURPWKHFROORFDWLRQSRQHUVH HO JRUURµSXWRQWKHKDW¶
ZHREWDLQSRQHUVH OD JRUUDµSXWRQWKHFDS¶
7RIRUPDOL]HWKHVHFRQVLGHUDWLRQVZHVKRXOGWDNHLQWRDFFRXQWWKDWV\QVHWVFDQEH
LQWURGXFHGLQYDULRXVZD\V
6\QRQ\P\ DV VWULFW HTXLYDOHQFH LJQRUHV DQ\ VHPDQWLF GLIIHUHQFHV EHWZHHQ WKH
PHPEHUVRIDV\QVHW,IDZRUGµKDVQRFROORFDWLRQVRIDJLYHQW\SH'ZKLOHVRPH4
RWKHUPHPEHUVRIWKHVDPHV\QVHWGRKDYHWKHPWKHQWKHUHTXLUHGFROORFDWLRQFRXQ
WHUSDUWV WKHVHFRQGFRQWHQWZRUGRIWKHFROORFDWLRQ IRUµLVLQIHUUHGDVWKHLQWHUVHF
WLRQRIWKH4VHWVRIVXFKFRXQWHUSDUWVIRUWKHRWKHUZRUGV,HIRUDQ\[LWKROGV
∀4T= ((µ +DV6\QRQ\P VT )

(V

T

' [ )) ⇒ (µ ' [ ) 

ZKHUH+DV6\QRQ\PLVDNLQGRIUHODWLRQGHQRWHGHDUOLHUDV6
6\QRQ\P\ ZLWK GRPLQDQWV VXSSRVHV WKDW WKHUH H[LVWV D GRPLQDQW PHPEHU ZLWKLQ
HDFKV\QVHWH[SUHVVLQJWKHFRPPRQFRQFHSWRIWKHVHWLQWKHPRVWJHQHUDODQGQHXWUDO
ZD\OLNHJRUURµKDW¶IRUWKHDERYHPHQWLRQHGV\QVHW7KHQWKHLQIHUHQFHLVFRQGXFWHG
LQDGLIIHUHQWZD\)RUDQ\GRPLQDQWLWVFROORFDWLRQVPXVWEHH[SOLFLWO\VWRUHGLQWKH
&'%VRWKDWQRLQIHUHQFHLVQHFHVVDU\IRULW)RUDQRQGRPLQDQWZRUG µWKHLQIHU
HQFHLVPDGHDVIROORZV
Ɣ ,I µ EHORQJV WR RQO\ RQH V\QVHW ^G V µ  V1` ZLWK WKH GRPLQDQW G WKHQ DQ\
FROORFDWLRQYDOLGIRUGLVVXSSRVHGWREHYDOLGIRUµ,HIRUDQ\[LWKROGV

(µ +DV'RP G ) (G ' [ ) ⇒ (µ ' [ )
ZKHUH+DV'RPLVWKHUHODWLRQVWDQGLQJIRU³KDVGRPLQDQWV\QRQ\P´
Ɣ ,IµEHORQJVWRVHYHUDOV\QVHWVZLWKGLIIHUHQWGRPLQDQWV'T

{G  V  µ  V1 } {G   V  µ V 1 } {G N  VN  µ  VN1 }




N
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then those collocations are supposed valid for µ whose analogues (with di) are explicitly present in the CDB for all the dominants involved. This means that for any
x it holds
∀ kq=1 ((µ HasDom d q )& (d q D x )) ⇒ (µ D x ) .

4

Inference Based on Hyponymy and Hyperonymy

Let the Sp. word refresco ‘soft drink’ have a vast collocation set in a CDB including
collocations with verbs echar ‘to pour’ / embotellar ‘to bottle’ / beber ‘to drink’ ...
refresco. The same information on Pepsi may be absent in the CDB, while Pepsi is
registered (through IsA relation) as a hyponym of refresco. The inference assigns the
information about the hyperonym to all its hyponyms that lack relevant type of collocations. Thus, it is inferred that all mentioned verbs are applicable to Pepsi.
Here we should bear in mind that the IsA relations can be structured in various
ways.
Monohierarchy presupposes a unique classification hierarchy (tree) relating some
content words within the CDB. Thus, a unique hyperonym corresponds to each hyponym in it, except for the uppermost node (the root of the tree) and the words not included in the hierarchy.
Suppose the relation IsA1 (1 stands for ‘one-step’) gives the immediate (nearest)
hyperonym h1 for the word µ. The word h1 is unique (if it exists) within a monohierarchy. If the collocation set for h1 is empty, then a hyperonym hk (of a higher level) is
used, where IsAk and hk are defined as
(µ IsAk hk) = (µ IsA1 h1) & (h1 IsA1 h2) & ... & (hk-1 IsA1 hk).
Inference by means of hyperonymy determines the first (i.e., with the minimal k)
hyperonym hk that has non-empty collocation set of the required type and assigns
these collocations to µ. I.e., for any x it holds

(µ IsA h )& (h
k

k

k

D x ) ⇒ (µ D x ) .

For example, if the relevant collocation set for refresco is empty, while for bebida ‘a
drink’ is nonempty then Pepsi is characterized by the information borrowed from this
two-step-up hyperonym.
Crosshierarchy permits content words to participate in more than one hyperonym—hyponym hierarchy based on different principles of classification. The whole
structure is a directed acyclic graph; a word (except for uppermost nodes of partial
hierarchies and unclassified words) can have several hyperonyms. There are various
cases of replenishment in this case.
Since more then one path can go up from a word µ, we propose the following inference procedure. All k-step-up hyponyms of µ, k = 1, 2, ..., are searched width-first,
until at least one of them has a non-empty collocation set. If there is only one nonempty set at such k-th layer, the formula given above remains valid. Otherwise the
intersection of all non-empty sets is used. To represent this mathematically, we enu-
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merate all hyponyms with non-empty collocation sets of k-th layer as q = 1, 2, ..., Q.
Then for any x it holds
∀Qq=1 ((µ IsAk hk q )& (hk q D x )) ⇒ (µ D x ) .

The width-first search excludes the cases when a collocation set of k-th hyperonym
is taken while m-th hyperonym has non-empty set, m < k.

5

Inference Based on Holohymy and Meronymy

The meronymy relation (x HasMero y) holds when x has y as a part; holonymy
(y HasHolo x) is the inverse relation holding when x includes y. In simple cases, both
x and y are single words, e.g., Sp. (clientela ‘clientage’ HasMero cliente ‘client’) or
(árbol ‘tree’ HasMero tronco ‘trunk’).
Unlike synonymy and hyperonymy, both directions of collocation transfer are possible. E.g., Sp. collocations atender ‘to attend (to)’ / satisfacer ‘to satisfy’ / atraer ‘to
attract’ / perder ‘to lose’ ... al cliente are equally applicable to clientela and vice
versa. The general inference rule is as follows: for any x it holds
(µ HasMero y) & (y D x) ⇒ (µ D x),
(µ HasHolo y) & (y D x) ⇒ (µ D x).
In fact, not all combinations of µ and y can be used in these formulas. The complications are implied by the fact that meronymy / holonymy can be of five different
types [9]: a part proper: dedo ‘finger’ of mano ‘hand’; a portion: gota ‘drop’ of
líquido ‘liquid’; a narrower location: centro ‘center’ of ciudad ‘city’; a member:
jugador ‘player’ of equipo ‘team’; and a substance the whole is made of: madera
‘wood’ for bastón ‘stick’. Not all these types are equally suitable for bi-directional
inferences. The membership type seems the most facilitating, while the made-of type
the least facilitating. In any case, further research is necessary to develop the filters to
eliminate wrong combinations.

6

Inference Based on Semantic Derivation

Semantic derivation is the formation of new lexemes from other lexemes close in
meaning. There exists at least one kind of semantic derivation in European languages
that excellently suits for the inferences, namely derivation of adverbs from a corresponding adjective: Sp. bueno ‘good’ → bien ‘well’, corto ‘short’ → cortamente
‘shortly’. The modifiers for an adjective and an adverb constituting a derivative pair
are the same:
(µ IsDerivFrom y) & (y HasModif x) ⇒ (µ HasModif x).
E.g., Sp. (bien IsDerivFrom bueno) & (bueno HasModif muy ‘very’) ⇒ (bien
HasModif muy).
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Morphology-Based Inference

Some morphological categories are semantically induced and have explicit expression
at the semantic level of text representation. The most common of these categories is
grammatical number that in most languages has two values: singular and plural. Since
different number values frequently imply different collocation sets, singular and plural words should be included into the CDB as separate headwords, as it has been proposed in [2]. However, if the CDB contains a collocation set of a given relation D for
only one (supposedly more frequently used) value of number while the collocations
for its counterpart are still absent in the CDB then the same set can be transferred to
the word of the complementary value of number. I.e. for any x it holds
(µ HasComplementaryNumber y) & (y D x) ⇒ (µ D x).
E.g., modifiers of Sp. información ‘information’ are applicable for its more rarely
used plural informaciones.
However, some specific modifiers frequently bring in wrong hypotheses. To filter
them out, it should be taken into account that, at semantic level, singular of a noun N
is usually opposed to plural through the predicates Single(N) vs. MoreThanOne(N).
Hence, we can introduce a prohibitive list of words with a semantic element of singularity / uniqueness, thus combinable mainly with singular, and, vice versa, a list of
words with a semantic element of collectiveness / multiplicity, thus combinable
mainly with plural. For HasModif relation in Spanish, following are mainly pluraloriented modifiers: muchos ‘many’, múltiples ‘multiple’, numerosos ‘numerous’,
varios ‘several’, diferentes ‘different’, diversos ‘various’, distintos ‘distinct (ones)’,
idénticos ‘identical’, iguales ‘equal (ones)’, desiguales ‘unequal (ones)’, de todos
tipos ‘of all kinds’, etc. Singular-oriented modifiers are fewer: único ‘unique’,
singular ‘single’, solitario ‘alone’, individual ‘individual’, etc. The counter-heuristic
(filtering) rule consists in the use of the corresponding heuristic rule only if x does not
belong to the proper prohibitive list.

8

Filtering Out Wrong Hypotheses

We have already mentioned some counter-heuristics we use to filter out inference
errors. Following are other filters we use.
Do not consider lexeme-specific syntactic dependencies D. The most error-prone
of such dependencies is HasValency of verbs (= subcategorization frame). To illustrate this, consider the Spanish synset {elegir ‘to choose, to elect’, seleccionar ‘to
select’, designar ‘to assign’, optar ‘to opt’, preferir ‘to prefer’, escoger ‘to choose’}.
All its members except for optar subcategorize for the target of selection as direct
object (elegir / seleccionar / designar / preferir / escoger algo ‘smth.’), while optar
uses a prepositional phrase for this purpose: optar por algo ‘to opt for smth.’. Each of
them, except for elegir and designar, can introduce a prepositional complement with
entre ‘between’ for options of the selection. Thus, collocations including HasValency
relation, say, of the verb optar cannot be inferred correctly based on the properties of
the other members of the synset.

+HXULVWLFV%DVHG5HSOHQLVKPHQWRI&ROORFDWLRQ'DWDEDVHV

0HDQZKLOHWKHGHSHQGHQFLHVLQYHUVHWR+DV9DOHQF\FDQEHIUHHO\XVHGIRUWKHLQ
IHUHQFHVLQYROYLQJQRXQV,QGHHGLIWKHUHODWLRQ+DV9DOHQF\JLYHVIRUSDtVµFRXQWU\¶
WKHFROORFDWLRQVWUDVSDVDUµWRFURVV¶YLVLWDUµWRYLVLW¶DUUXLQDUµWRGHVWUR\¶SDtV
WKHQ DOO WKHVH YHUEV IRUP FRUUHFW FROORFDWLRQV ZLWK DQ\ VSHFLILF FRXQWU\ QDPH HJ
3RUWXJDO 
,JQRUHFODVVLI\LQJPRGLILHUV6RPHLQIHUHQFHVIRU PRGLILFDWRU\FROORFDWLRQVDOVR
JLYHZURQJUHVXOWV)RUH[DPSOHED\DVµEHUULHV¶DVDK\SHURQ\PFDQKDYHQHDUO\DQ\
FRORU VPHOO DQG WDVWH ZKLOH LWV K\SRQ\P DUiQGDQRV µEOXHEHUULHV¶ DUH VFDUFHO\
DPDULOODVµ\HOORZ¶
$PRQJPRGLILHUVRQHUDWKHUEURDGFODVVLVPRVWHUURUSURQH&RQVLGHUWKHZURQJ
LQIHUHQFH
&RORPELD,V$SDtV   SDtV+DV0RGLIHXURSHR ⇒ &RORPELD+DV0RGLIHXURSHD
µ&RORPELDLVDFRXQWU\¶ µ(XURSHDQFRXQWU\¶⇒µ(XURSHDQ&RORPELD¶7RH[FOXGH
VXFKFDVHVZHLJQRUHLQLQIHUHQFHVWKHVRFDOOHGFODVVLI\LQJPRGLILHUV7KHVHPRGLIL
HUV FRQYHUW D VSHFLILF QRXQ WR LWV K\SRQ\P HJ SDtV µFRXQWU\¶ → SDtV HXURSHR
µ(XURSHDQ¶ DPHULFDQR µ$PHULFDQ¶DIULFDQR µ$IULFDQ¶ $VWR RWKHU PRGLILHUV IRU
SDtV WKH\ IUHTXHQWO\ JLYH FRUUHFW UHVXOWV DJUtFROD µDJULFXOWXUDO¶  EHOOD µEHDXWLIXO¶ 
JUDQµJUHDW¶&RORPELD
8QIRUWXQDWHO\ HYHQ VXFK ILOWHULQJ LV UDUHO\ VXIILFLHQW (J WKH PRGLILHUV GHO VXU
µ6RXWKHUQ¶RUGHOQRUWHµ1RUWKHUQ¶FKDQJHWKHLUPHDQLQJZKLOHPRYLQJIURPSDtVWRD
VSHFLILF FRXQWU\ QDPH FRPSDUH SDtV GHO QRUWH µ1RUWKHUQ FRXQWU\¶ DQG 3RUWXJDO GHO
QRUWH µ1RUWKHUQ 3RUWXJDO¶ $OO VXFK FDVHV DUH WR EH GHDOW ZLWK XVLQJ VSHFLILF ZRUG
OLVWV
,JQRUH PDUNHGZRUGV DQG FROORFDWLRQV ,Q VRPH SULQWHG DQG HOHFWURQLF GLFWLRQ
DULHVRULHQWHGWRKXPDQVWKHQXPEHURIYDULRXVXVDJHPDUNVUHDFKHVVHYHUDOWHQV$OO
WKHVHODEHOVFDQEHGLYLGHGLQWRWZRODUJHJURXSV
Ɣ 6FRSHRIXVDJHVXFKDVVSHFLDOREVROHWHYXOJDUHWFDQG
Ɣ ,GLRPDFLW\FRYHULQJFDVHVRIILJXUDWLYHDQGGLUHFWLQWHUSUHWDWLRQ 6S UD\RGHOX]
µJRRGLGHD¶RUµOLJKWEHDP¶OLWUD\RIOLJKW DVZHOODVRILGLRPDWLFXVHRQO\ 6S
YDUDDOWDµSRZHUKLJKLQIOXHQFH¶OLWµKLJKVWLFN¶ 
:H SURSRVH WR LJQRUH DOO PDUNHG LWHPV LQ LQIHUHQFH VLQFH WKH\ PRUH IUHTXHQWO\
WKDQQRWOHDGWRZURQJRUGXELRXVUHVXOWV)RUH[DPSOH6SYDUDµVWLFN¶LVGRPLQDQW
RIWKHV\QVHW^YDUDYDUHMyQµORQJVWLFN¶YDUDOJDUURFKDSDORµWKLFNVWLFN¶`EXWZH
FDQQRW FRUUHFWO\ VHPDQWLFDOO\ LQWHUSUHW WKH UHVXOWV RI WKH LQIHUHQFH SDOR +DV'RP
YDUD   YDUD+DV0RGLIDOWD LGLRP⇒ SDOR+DV0RGLIDOWR LGLRP



&RQFOXVLRQV

$KHXULVWLFPHWKRGLVGHYHORSHGIRULQIHUULQJQHZFROORFDWLRQVEDVLQJRQWKHLUDYDLO
DEOHDPRXQWDQGD:RUG1HWOLNHWKHVDXUXV7KHPDLQLGHDRIWKH PHWKRGFRQVLVWVLQ
WKHSRVVLELOLW\H[FHSWIRUVRPHFDVHVWRVXEVWLWXWHDZRUGLQWKHH[LVWLQJFROORFDWLRQ
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with a semantically “similar” one. We have discussed what we mean by similarity and
what exceptions there are.
The types of similarity considered are synonymy, hyperonymy / holonymy, holonymy / meronymy, one kind of semantic derivation, and one semantically induced
morphological category: number of nouns.
To exclude the most frequent errors, some counter-heuristics have been proposed
in the form of prohibitive lists or categories of content words, lexeme-specific syntactic relations used in collocations, and the labeled dictionary items.
Using the proposed inference procedure, runtime or off-line replenishment of large
collocation databases can be performed. All introduced rules are well suitable to develop a Spanish collocation DB that is now under development (ca. 10,000 collocations and semantic links). In the future, we plan to reach amounts comparable to those
reported for the analogous Russian database [2]. Using of inference will facilitate this
task.
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